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NL2SQL research on private databases by LLMs
LI Honghai, GUO Lirong, LI Jinzhang

(China Datacom Co. , Ltd. , Guangzhou 510630, China)

Abstract: Since June 2020, the release of GPT-3 signifies that the development of the field of artificial intelligence has entered a
new stage. In the field of code generation, based on the open source general model, the general model is fine—tuned through fine—
tune, Lora and other methods, and the general model is generated, such as: StarCode series, CodeFuse series models. In the field
of NL2SQL, people are still using the more traditional encoder—context enhancement layer—output layer architecture, due to the
model size and architecture, the traditional NL2SQL has weak semantic representation ability, limited generation of SQL paradigm,
and also does not have strong generalization ability, meanwhile is difficult to achieve technological progress in industrial
applications. Therefore, the research team proposes an NL2SQL task paradigm based on LLM generation for vertical fields, through
the concept of general large model + code large model + filter model. The exact match rate of 0. 187 7 and the structural accuracy of
0.354 6 for 500 mixed SQL statements are reported on the standard multi—round dataset Cspider. A single table of 300 SQL
statements reported a structure accuracy of 0. 67 and an exact match rate of 0. 27.
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