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Research on path planning algorithm based on mobile robot
WANG Yagqging, NI Xiaochang, LI Jing, ZHOU lJie, DU Bowen

(School of Electronic Engineering, Tianjin University of Technology and Education, Tianjin 300222, China)

Abstract; Path planning is one of the key technologies to realize autonomous navigation of mobile robots. For the characteristics of
mobile robot path planning, this paper classifies them into path planning algorithms based on graph search, path planning algorithms
based on sampling, and path planning algorithms considering dynamics constraints. Based on these classifications, the current status
of research in the field of path planning is systematically summarized, and the advantages and disadvantages of each type of planning
algorithm are highlighted. Finally, the future development trend of path planning for mobile robots is prospected, which provides
useful ideas and guidance to further promote the research of path planning for mobile robots.
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