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A design of fuzzy evaluation system for the fuzzy evaluation of smart classroom
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Abstract: The era of artificial intelligence has put forward higher requirements for smart classrooms. The rapid development of
machine vision technology has made the fuzzy evaluation link in smart classrooms more intelligent. Existing achievements tend to
realize simple classification of teacher and student behaviors, but the recognition of concentration is still a research difficulty. The
thinking discrimination method is proposed in this paper, and the designed evaluation system innovatively distinguishes behaviors
from four dimensions, namely expression screening, concentration recognition, face distance monitoring, and face position
monitoring. In order to solve the problem that it is difficult to recognize the face state in the teaching classroom, this research adopts
the fuzzy optimization algorithm combining particle swarm algorithm and Hungary algorithm, which is better than the traditional face
state recognition model of the specific scene in the classroom.
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Fig. 1 Flowchart of the system design
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Table 1 Various factors of particles swarm algorithm
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Fig. 2 Distribution of trapezoidal function output values
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Table 2 Prior experience fuzzy evaluation scale

R PRI (FRICEIE) B (FRICEHE)  — B (PRICEHE)  B2E(WRic4iE)  RZEGBRICLAE)
BEWIE 1.0 0.8 0.6 0.4 0.2
0.9 0.7 0.5 0.3 0.1
0.8 0.6 0.4 0.2 0
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Fig. 3 Flow chart of algorithm optimization
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Fig. 4 Display of eigenvalue vector of fuzzy rating system
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Fig. 5 Real-time presentation of the smart classroom fuzzy
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Fig. 6 Example of expression recognition experimental training
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Fig. 7 Output of face state classification results of conventional

algorithm
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Fig. 8 Output of face state classification results of optimized

algorithm
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Fig. 9 Comparison of iterative efficiency of the two algorithms
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