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An overview of facial expression recognition technology for the human face
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Abstract . Facial expression recognition is the computer vision technology that has wide applications in fields such as healthcare
behavior analysis, driver fatigue monitoring, education, psychological health analysis, and other human - computer interaction
systems. This article provides a brief summary of methods for image preprocessing, feature extraction, and feature classification, as
well as introduces evaluation metrics for facial expression recognition. Next, available datasets for facial expression recognition are
summarized. Then, recent literature on facial expression recognition from the past three years is categorized and briefly outlined
from four perspectives; adversarial networks, convolutional neural networks, attention mechanisms, and filters. Finally, the
challenges and future directions in the field of facial expression recognition are discussed.
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Fig. 1 Flow chart of facial expression recognition
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Fig. 2 Facial expression images
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